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Not sure of your style?

ML Model can help.




Don't know how to dress?

Our Model, your teacher.
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Build a special you.
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Live Demo




How we did that ?



Define the problem
How we did that ?

Recommend Good outfits

that users might like Generate Text-based Guide



Image Retrieval

Recommend Good outfits
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Recommend Good outfits
Gray Coat

White Shirt
By simply tagging clothes?

Good idea ! But too simple..

Black Pants
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Using FashionClip

To do Feature Extraction
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Using FashionClip

To do Feature Extraction

Features of the outfits photo
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IS the closest one
To the target

**The actual number of dimensions 512
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By comparing the distance of each
dress in the 512-dimensional feature
vector that extracted from FashionClip,
we can know which photo is most
similar to the target.

Note:

We also use some techniques to optimize the performance of
FashionClip.

For example : Freezes FashionCLIP, adds mapping layer
(512D —64D) to focus on fashion pairing semantics.
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**The actual number of dimensions 512
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Use "outfit style” to enhance the stability of recommendations

British Athletics Japanese
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Athletics Artsy

Goth Kawaii Kawaii Street Vintage

Manually collect photos of 11 pre-categorized styles
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Our Method: 84% ACCURACY MMFashlon 42% ACCURACY

Optimized FashionCLIP
open-mmlab/

mmfashion

Open-source toolbox for visual fashion analysis

pbased on Pylorch

Style Pre-classified 5 @
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Methods

Rule-Based System Multimodal

images text prompt

feature vector template language modal
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Rule-Based System (from FashionCLIP features)

- FashionCLIP: @" FashionCLIP ST AILLE ST (EME K : STREET)

B ae: EEMMADbWe clothinge] A B M % Bblack clothing R BHFAEMAE (BRSPS : 0.64)
B B BMGjacketH M A jeansUIBHTIFHOKRR (BEWMBEBPSH: 0.65)

Aig: BF | B/ casuval styleliBEREZ2ZICER (EME: 0.98)
P ER: BF | B8solid coloriERRT2TER (BMNE: 1.00)
$# BEih: HPRIERBS LLE R Y belti5 #
B &5 : 8920 %casual shoesiifiboots (B4 MhE: 0.58)
B 1 : BT B denim materialR EMRT 2 TR (Bl /E: 1.00)
B RA: RERMME Boversized clothingifi 7k loose fitting (E M M35 : 0.48)

Local Multimodal (LLaVA)

llava B2 947 :

1. E&RE®
BEARHNE TN ENAERIE IR ARE - FTEK -
EENERABT  SSE2BTEEENYR -

2. T¥HFHE
FHERMRERAERE B WNEZERTFFRN ANRRAYLERX -

3. EfF@R
HERBERTE  RASEHENOSHIKNG -
BEFREENENAMESRATFAGHRENRNIERRE -

4. MEERK
IHEAE N DEVNHNRENEMENR B - ZESW RAENMOBEBMNGMEE R -



Appendix;
Personalized recommendation system

The biggest problem with our topic:

Everyone has a different definition of fashion
classification/good-looking .

Our Solution:

® Personalized style customization: f
Choose your favorite dressing style ROGEN e inoi

Chic, Polished, Feminine
Preppy

e | earn users' preference weights for different A\
tag combinations through sliding behavior
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